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Model Evaluation

Dallas
Train RMSE: 3.1891
Test RMSE: 4.0339
Test R*2: 0.9927

Miami
Train RMSE: 10.2503
Test RMSE: 5.3365
Test R*2: 0.9923

Denver
Train RMSE: 2.4122
Test RMSE: 5.0714
Test R*2: 0.9937

San Diego
Train RMSE: 8.4900
Test RMSE: 2.4027
Test R*2: 0.9979

Predictors selected for Dallas:
'BusinessConfidencelndex','Credit_Availability',
'GDP', 'Corp_debt', 'Treasury’', 'mhi', '"HPI',
'MultiFamilyPermits'

Dallas Correlation Heatmap
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Predictors selected for Denver:
'SingleFamilyPermits', 'Treasury', 'CPI',
'unemployment', 'mhi', '"HPI',
'MultiFamilyPermits', 'retail auto'

Denver Correlation Heatmap
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Predictors selected for Miami:
'BusinessConfidencelndex', '"GDP', 'Corp_debt',
'unemployment', 'mhi', '"HPI', 'MultiFamilyPermits'

Miami Correlation Heatmap
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Predictors selected for San Diego:
'SingleFamilyPermits', 'CPI', 'GDP', 'mhi', '"HPI',
'Credit_Availability'

San Diego Correlation Heatmap
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Increase data frequency via advanced techniques.
Explore more complex deep learning models
beyond the GRU model that we set forth.

Test additional regions with different features.
Identify stronger industry-level data that can help
with predictive modeling.

Assess different methodologies for employing
regime-switching models.




